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The Estimate Longan Yield Using Image Processing Technique and Multiple Regression

Model for Decisions Support Systems
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Abstract

Planning in longan production systems requires a quick and accurate estimation
technique. As well as this estimation technique, we present the methodology for the
development of a yield estimation method. This research identifies the types of land
mapping unit (LMU) for longan production in the Phrao district of Chiang Mai Province by
using spatial data. The special data consist of a map of the age of longan trees, the irrigation
systems and the gradient of the land. The identification of LMU types allows for the
determination of sampling areas for data collection and the photographing of longan bushes
with red, green and blue light waves (RGB), and a range of relationship barrier patterns for

determining the conditions of image processing. The proportion of fruits to bushes is one

'guiiteiileiiumandnmanyns auzinuasmans uninendeidesmidivagm snewios
Jandadeslud 50200

“medviiwenansuanIngInsssIunG auvinensmans wninendoidedwsivagmn sineiles
Jandadeslud 50200
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factor among others gathered from farmer interviews. This information is used to estimate
the longan yield equation in a multiple regression form. The equation could explain the
relationship of various factors at an accuracy level of up to 89 percent with an R of 0.79.
The yield in each LMU is calculated from this equation and this number is used to create an
estimated yield map for describing the distribution of longan production at the crop scale.
This information is vital for the implementation of production management strategies prior
to the actual harvest. The management plan has the added benefit of enabling the farmer

to increase resource utilization efficiency.

Keywords: Longan, image processing, Longan yield estimation, decision support systems
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